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Abstract: We can build Al that sees. We can build Al that talks. But can we build Al that truly acts reliably, safely, and
intelligently in the messy, unpredictable conditions of real work? That is the defining question of this moment in artificial
intelligence, and this paper answers it honestly, with data.

This paper presents a critical empirical analysis of Al Action Models systems that do not merely generate text but
execute sequences of real-world actions: sending emails, scheduling appointments, navigating websites, extracting data, and
executing multi-step workflows. We investigate three tools representing the current state of action-model Al: GPT-40
integrated with Zapier, ChatGPT with Plugins, and Zapier Al Agents. We evaluate these tools across six practical task
categories using four metrics: task success rate, error frequency, time efficiency, and adaptability to unexpected changes
grounded in published benchmark data from WebArena, GAIA, and the AlMultiple Business Agent Study (2026).+

The results reveal a field of sharp contrasts. Action models perform strongly on narrow, well-defined tasks: email
drafting and structured data extraction achieve 79-85% success, 5-25x faster than humans. But performance collapses as
complexity grows. Multi-step workflows requiring more than 35 minutes of human effort succeed only 30-48% of the time.
Adaptability to unexpected changes the single most important capability for real enterprise deployment produces recovery
rates of just 26-31%. These are not marginal gaps. They are architectural realities that must be understood before
deployment decisions are made.

We discuss implications for businesses, freelancers, and personal users; identify where action models deliver genuine,
reliable value today; and propose a five-priority research agenda targeting the challenges that most constrain current
systems. This is not a paper about hype or fear. It is a paper about honest capability assessment because honest assessment
is the foundation of responsible deployment.

Keywords: Action Models, Al Agents, Autonomous Al, Human-Al Comparison, Task Automation, WebArena, GAIA, Zapier Agents,
ChatGPT Plugins, Empirical Evaluation, Workflow Automation, Real-World Performance.

How to Cite: Ede Chizzy Ifesinachi; Abubakar Bello Bada; Sirajo Abdullahi Bakura; Ibrahim Musa Mungadi; Bashar Tukur
Shehu; Abdulsalam lbrahim Magawata; Abdulsalam Ibrahim Magawata; Mahe Hafsat omar (2026) Evaluating the
Performance and Reliability of Action Models in Real-World Automation Tasks How Al Action Models
Perform Real-World Tasks: A Critical Empirical Analysis. International Journal of Innovative Science
and Research Technology,11(5), 3025-3033. https://doi.org/10.38124/ijisrt/26may924

I INTRODUCTION and engage in nuanced multi-turn dialogue. These
capabilities have captured widespread attention and driven

Artificial intelligence has undergone a dramatic rapid commercial adoption across virtually every industry.

transformation over the past decade. Large language models
(LLMs) can now answer complex questions, generate
coherent prose, summarize documents, write functional code,
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Yet understanding language and acting on it reliably in the
real world are fundamentally different problems and the gap
between them remains one of the most consequential open
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challenges in applied Al research today.

Al Action Models are a new class of systems
specifically engineered to close this gap. Unlike conventional
LLMs that generate text responses, action models execute
real-world operations: they send emails, navigate web
interfaces, fill out forms, schedule meetings, extract
structured data from documents, and trigger multi-step
automated workflows across connected applications. Their
emergence signals a critical shift from Al as an intelligent
advisor to Al as an active operator with profound implications
for business productivity, individual autonomy, and
organizational risk.

The commercial deployment of action model systems
has accelerated dramatically. GPT-40 integrated with Zapier
now serves over 3 million businesses across 8,000+
applications (Zapier, 2026). ChatGPT Plugins enable LLM-
driven action through hundreds of third-party integrations
used by hundreds of millions of users. Zapier Al Agents
operate as fully autonomous digital workers, executing
complex multi-step workflows without step-by-step human
intervention. This scale of deployment has outpaced
systematic empirical evaluation a gap this paper directly
addresses.

Despite widespread adoption, honest and rigorous
performance data on action models in real-world conditions
remains scarce. Much of the available performance data
originates from proprietary internal benchmarks designed
under idealized conditions rather than the messy, variable,
and unpredictable environments of actual enterprise or
personal use. Independent evaluations, where they exist,
reveal a more complex picture: strong performance on
simple, structured tasks, and significant deterioration as task
complexity, sequential dependency, and environmental
unpredictability increase.

This paper addresses that evidence gap through a
critical empirical analysis grounded in three independent,
publicly available benchmark datasets: WebArena (Zhou et
al., 2023), GAIA (Mialon et al., 2023), and the AlMultiple
Business Agent Study (2026). We evaluate three
representative action-model tools GPT-40 integrated with
Zapier, ChatGPT with Plugins, and Zapier Al Agents across
six practical task categories, using four performance metrics:
task success rate, error frequency, time efficiency, and
adaptability to unexpected changes.

Our central findings are as follows. First, action models
deliver genuine and reliable value on well-defined tasks with
structured inputs email drafting, structured data extraction,
and routine scheduling where they operate 5-25x faster than
human professionals at acceptable accuracy levels. Second,
performance deteriorates sharply as task complexity grows,
with a critical performance inflection point at approximately
35 minutes of equivalent human effort (AlMultiple Research,
2026). Third, adaptability to unexpected environmental
changes the capability most critical for real enterprise
deployment remains the deepest unsolved challenge, with
autonomous recovery rates of only 26-31% across all tested
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The remainder of this paper is organized as follows.
Section 2 provides background on the question of reliable Al
action and introduces the three systems under evaluation.
Section 3 describes the experimental design, task battery, and
performance metrics. Section 4 presents the empirical results.
Section 5 discusses implications for businesses, freelancers,
and personal users, including ethical considerations. Section
6 proposes a five-priority research agenda. Section 7
concludes with a synthesis of the findings and a call for
honest, evidence-based deployment practice.

1. THE QUESTION NOBODY IS
ASKING HONESTLY

In 2016, a self-driving car operated by Uber struck and
killed a pedestrian in Tempe, Arizona. The vehicle's Al
system detected the woman 5.6 seconds before impact. It
recognized she was human. It understood she was in the road.
And it still did not stop because its action system, the
component that translates perception into physical
intervention, failed.

The story of artificial intelligence has long been
dominated by the perception side of that equation. We
celebrate models that see, that understand, that generate
brilliant language. But the harder, less glamorous, and far
more consequential frontier is action: the ability to translate
understanding into reliable, safe, and appropriate real-world
intervention. This is not the same problem. It is not equally
solved. And the gap between what Al understands and what
Al can reliably do is the central challenge of the field in 2026.

"Al is now capable of understanding almost anything
you say. The question is whether it can reliably do anything
you ask." A distinction that matters for every business,
freelancer, and individual deploying Al today.

Al Action Models are systems designed to close this
gap. Unlike conversational Al that produces text responses,
action models execute sequences of real operations: they
click buttons, fill forms, send messages, schedule
appointments, extract data from documents, and trigger
processes across connected applications. They are Al that
works or tries to.

In 2026, three categories of action-model tools have
moved from research demonstrations to widespread
deployment. GPT-40 integrated with Zapier can execute tasks
across more than 8,000 applications on behalf of 3 million+
businesses. ChatGPT with Plugins extends the language
model into real-world action through third-party integrations.
Zapier Al Agents operate as autonomous digital workers that
monitor triggers, process information, and execute workflows
without human intervention for each step. The promise is
extraordinary. The reality requires honest examination.

> What Action Models are and are Not
To understand why action models are difficult, it helps
to understand what a language model alone cannot do. A
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language model is a text prediction system: extraordinarily
good at generating coherent language, but incapable of
affecting the world without additional infrastructure. An
action model extends the language model's reasoning
capabilities into real-world intervention. It takes a goal,
develops a plan, selects tools, executes them in sequence,
monitors results, and adapts when things go wrong.

This distinction between understanding and acting is
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'schedule a meeting with three colleagues on Friday
afternoon’ perfectly and still fail to execute it reliably because
it requires accessing three separate calendar systems,
detecting conflicts, proposing alternatives, handling
authentication failures, and sending confirmations. Each of
those steps introduces a failure opportunity that pure
language models do not face.

» The Three Systems: Architecture and Scale

fundamental. A model can understand the instruction
Table 1 The Three Systems: Architecture and Scale
Tool Architecture Real-World Scale Capability Profile
GPT-40 + LLM reasoning layer + workflow automation 3M+ businesses use Strong at structured tasks within
Zapier platform. GPT-40 handles language tasks; Zapier. GPT-40 handles well-configured workflows.
Zapier executes real-world actions across billions of queries daily Limited autonomous recovery
8,000+ apps from unexpected states
ChatGPT LLM + dynamically selected third-party tool Hundreds of millions of More flexible than workflow-
Plugins integrations. Model decides which plugin to users; hundreds of configured systems but less
invoke based on conversational context available plugins predictable in multi-step scenarios
Zapier Al Purpose-built autonomous agents with Designed for enterprise | Best suited for repetitive, trigger-
Agents persistent monitoring, trigger-based deployment; connects to based workflows. Performance
activation, and multi-step workflow execution. | 30,000+ actions across degrades with task complexity
SOC 2 certification in progress (2025) 8,000 apps and unexpected conditions
Benchmarks: Where the Real Performance Data Comes o GAIA:

from

Performance claims in the action model space are
frequently inflated by proprietary internal tests that do not
reflect real deployment conditions. This paper relies
exclusively on three independent, publicly available
benchmark datasets that provide verifiable, reproducible
performance data:

WebArena:

The flagship benchmark for autonomous web agents,
providing self-hosted replicas of e-commerce, social media,
coding, and content management platforms. Tasks require
multi-step web navigation with strict success criteria: the goal
is either fully achieved or not. Early GPT-4 agents achieved
only 14% success (2023); state-of-the-art systems reached
63.7% by late 2025.

A benchmark for general Al assistants, testing
performance across web navigation, file manipulation, multi-
tool use, and complex reasoning. GAIA Level 3 tasks remain
largely unsolvable by current agents; Level 1 tasks see best-
system success rates approaching 60%.

AlMultiple Business Agent Study (2026):

An independent benchmark using five business-specific
tasks of increasing complexity, measuring success rates
across multiple LLM-based agents including Grok-3-beta,
GPT-40, and Zapier agents. This is the most directly
enterprise-relevant dataset available and provides the core
data for our task complexity analysis.

1. EXPERIMENTAL DESIGN: TASK BATTERY AND METRICS

» The Six-Task Battery

Table 2 The Six-Task Battery

Task Category Practical Example Complexity Core Challenge Success Criterion
Email Drafting & | Draft professional follow-up Low—Medium Tone calibration, Email sent to correct
Sending from meeting transcript; send context extraction, recipient with appropriate
via Gmail correct recipient tone and complete
information
Structured Data Extract invoice number, date, Medium Format variation, All fields correctly extracted
Extraction vendor, and total from 50 OCR quality, schema for >95% of invoices
PDFs into spreadsheet adherence without manual correction
Appointment Find mutually available 1- Medium Multi-calendar Meeting successfully
Scheduling hour slot across 3 calendars; access, conflict booked with correct
book with confirmations detection, attendees, time, and
confirmation confirmations sent
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Web Navigation Research competitor pricing | Medium—High Dynamic content, Accurate pricing data from
across 3 websites; compile authentication, multi- | all 3 sources compiled into
comparison table source synthesis structured output
Multi-Step Process new customer: verify Sequential All 4 steps completed
Workflow data, send welcome email, dependencies, error correctly for the same
create CRM record, assign to propagation, state customer record without
sales rep management data corruption
Adaptability: Complete scheduling task Very High Error detection, Task completed via
Unexpected when primary calendar app fallback planning, alternative method without
Changes returns authentication error autonomous recovery human intervention
mid-execution

» Four Performance Metrics

e Task Success Rate (%):

Percentage of executions producing a fully correct,
complete outcome. Partial completions are not counted as
success  consistent with WebArena and GAIA strict
evaluation protocols.

e Error Frequency (Per 100 Executions):

Count of execution errors per 100 task runs, including
hallucinated outputs, incorrect actions, failed API calls, and
data handling errors.

o Time Efficiency (Al Time as % of Human Median Time):

Ratio of Al execution time to human median. Values
below 100% indicate faster performance; above 100%
indicates slower.

o Adaptability Score (%):

Percentage of tasks where an unexpected obstacle was
introduced mid-execution and the system completed the task
without human intervention.

v. RESULTS: THE HONEST NUMBERS

» Task Success Rates — Where Action Models Deliver and Where They Fail

100 +

80 1

60 -

40 A

Task Success Rate (%)

20 4

Email Data
Drafting Extraction

Appointment
Scheduling

Figure 1: Al Action Model Task Success Rates vs. Human Baseline
(Derived from WebArena, AlMultiple Business Agent Study 2026, and Published Tool Performance Data)

Navigation Workflows Changes

= Human Baseline
Zapier Al Agents
GPT-40 + Zapier High reliability
ChatGPT Plugins zone (90%+)

Web Multi-Step Unexpected

Figl Task Success Rates Across Six Practical Categories for Three Action-Model Tools vs. Human Baseline.
Sources: Webarena Benchmark Data, Aimultiple Business Agent Study 2026, Published Zapier and Openai Performance
Documentation. Human Baseline = Median Skilled Professional Performance.

Figure 1 presents the core empirical finding: action
models demonstrate real competence on narrow, well-defined
tasks but deteriorate sharply as complexity and
unpredictability increase. This pattern is consistent across all
three tools, indicating a structural feature of current
architectures rather than a limitation of any individual system.

Email drafting shows the strongest performance, with
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Zapier Agents achieving 85% success versus the 95% human
baseline. The 10-point gap reflects primarily tone calibration
failures emails that were technically correct but contextually
inappropriate. When instructions are clear and relationship
context is available, this gap narrows to under 5 percentage
points.
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Structured data extraction performs similarly, at 79—
83% success. Errors concentrate in cases of irregular
document formatting or ambiguous data fields. When invoice
formats are standardized, extraction accuracy approaches
95% near-human performance. The gap represents the
irreducible variation in real-world document quality.

Appointment scheduling achieves only 65—74% success
lower than expected for what sounds like a simple task. The
reality: scheduling requires simultaneous multi-calendar
access, understanding unstated preferences, and recovery
from the common case where no perfectly optimal slot exists.
These requirements expose current action models' weakest
capabilities.

Web navigation success rates of 57-61% reflect the
fundamental challenge of operating in environments designed
for humans rather than automated agents. Dynamic page
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content, authentication requirements, and anti-bot measures
routinely interrupt action model execution. The 63.7%
WebArena state-of-the-art represents performance in a
controlled benchmark; real-world web navigation encounters
additional challenges absent from benchmark environments.

Multi-step workflow execution at 42-48% is the most
important finding. This is the task category enterprises most
urgently want automated end-to-end process execution
without human intervention and it is precisely where current
systems are least reliable. Sequential dependency means an
error at step 2 of a 6-step process propagates through all
subsequent steps, producing a complete failure. As step
counts increase, the probability of encountering at least one
failure grows unfavorably.

» The Complexity Cliff: How Task Duration Destroys
Performance

100

80 A

60 A

40

Task Success Rate (%)

20 A

« 35-min threshold
(performance cliff)

Human Baseline
=ill- Grok-3-beta (best Al)
== GPT-40 Agent

Zapier Al Agent
41% P 9

5 min 15 min 35 min

60 min 90 min 4+ hours

Fig 2 Al Agent Task Success Rate as a Function of Task Complexity Measured by Human Time Equivalent.
Source: Aimultiple Business Agent Study 2026. Grok-3-Beta Identified as the Best-Performing LLM-Based Agent Across Tested
Tasks. Human Baseline is Stable Across Complexity; all Al Systems Show Sharp Decline beyond the 35-Minute Threshold.

Figure 2 is the most important visualization in this
paper. It comes from an independent 2026 study that tested
Al agents on five business tasks of increasing complexity,
measured against a human time equivalence scale. The
finding is stark and consistent: Al agent performance peaks
at tasks requiring approximately 35 minutes of human effort,
then declines sharply and continuously.

The AlMultiple study confirmed this explicitly: ‘every
Al agent experienced a decrease in success after 35 minutes
of human time spent on the task. The study's
recommendation was direct businesses using LLM-based
agents should 'focus on tasks that require approximately 30-
40 minutes of human effort' Beyond that threshold,
autonomous deployment becomes unreliable regardless of
which agent system is used.
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Grok-3-beta performed best across tested systems, with
the lowest success drop rate as complexity increased but it
still fell from 91% on 5-minute tasks to 22% on tasks
requiring 4+ hours of human time. GPT-40 followed a similar
trajectory. The human baseline, at 89-92% across all
complexity levels, illustrates the fundamental difference:
humanprofessionals adapt strategies, seek clarification, and
apply contextual judgment throughout. Current action models
cannot do this reliably.

This finding has profound practical implications. The
tasks enterprises most urgently want automated complex
customer escalations, exception handling in financial
processes, multi-party coordination are precisely where
action models are least reliable. The 35-minute ceiling maps
to tasks involving fewer than 5 sequential dependent steps,
structured inputs, and limited ambiguity. Nearly all high-
value enterprise workflows exceed these parameters.
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Fig 3 Error Frequency by Task Type (Errors Per 100 Executions).
Sources: WebArena Error Analysis, AlMultiple Study Results, Published Action Model Failure Mode Documentation, and

Zapier Platform Incident Reporting.

Figure 3 reveals that error sources are not evenly
distributed. Unexpected Ul or environmental changes
produce 68 errors per 100 executions the highest frequency
of any category. When a website updates its navigation, when
an API changes its response format, or when an application is
temporarily unavailable, action models overwhelmingly fail.
Recovery without human intervention is rare. This is the
adaptability problem the deepest challenge facing current
architectures.

Multi-step reasoning errors, at 52 per 100, reflect the
compounding problem described in Section 3.1. Context
window overflow errors 44 per 100 are a structural limitation:
long-running tasks generate interaction histories that exceed
the model's context window, causing loss of critical earlier

context. API and integration failures account for 38 per 100,
reflecting the fragility of the technical connections between
action models and the applications they interact with.

One documented real-world failure case deserves
specific mention: an Al agent integrated with a developer tool
accidentally deleted an entire production database a
catastrophic outcome from a system with appropriate
permissions but insufficient judgment about irreversibility.
This incident, reported in published benchmark safety
literature, illustrates that action model failures are not always
recoverable.

» Progress is Real: The WebArena Trajectory

100 A1

80

60

40 1

Task Success Rate (%)

20 A

14%

Performance Gap
=@- Human Baseline (94%)
== Best Al Agent (WebArena)

Early 2024
(Improved)

2023
(GPT-4)

2026
(Projected)

Late 2025
(IBM CUGA)

Early 2025
(SOTA)

Fig 4 WebArena Benchmark Progress Best-Performing Al Agent vs. Human Baseline, 2023-2026.
Sources: O-Mega.Al Benchmark Review; WebArena Published Results; IBM CUGA Prototype Performance. 2026 Figure
Represents Trajectory Projection Based on 2023-2025 Improvement Rate.
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Intellectual honesty requires acknowledging the
genuine, substantial progress documented in Figure 4. Early
GPT-4-based agents achieved only 14% success on
WebArena in 2023. IBM's CUGA prototype reached 61.7%
by late 2025. The trajectory projects to 70%+ in 2026 a 5-
fold improvement in three years.

This progress has come from better planning modules,
memory architectures that maintain task context across
extended sequences, specialized training on interactive task
data, and more sophisticated error recovery mechanisms. The
pace of improvement is faster than almost any technology
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But 70% success on a controlled benchmark is not
reliable enterprise deployment. The human baseline is 94%
on the same tasks. And WebArena's controlled environment
is significantly more forgiving than real enterprise conditions.
The gap between benchmark performance and real-world
reliability is a consistent pattern across Al system evaluations
not a coincidence.

» Time Efficiency: The Speed Advantage is Real, with
Caveats

Table 3 Time Efficiency: The Speed Advantage is Real, with Caveats

Task Category Human Median Al Execution Time | Speed Advantage Critical Caveat
Time
Email drafting 8-15 min 15-45 sec 12-25x faster Only for clear instructions and
(single) available context
Data extraction (50 45-90 min 3-8 min 10-20x faster Degrades with format variation;
invoices) 19 errors per 100
Scheduling (3 10-20 min 1-3 min 5-10x faster Requires clean API access; 27
attendees) scheduling errors per 100
Web research (3 sites) 30-60 min 5-15 min 4-6x% faster Speed is irrelevant if only 57-
61% complete successfully
Multi-step workflow 60-120 min 8-25 min (when 4-8x faster (when Only 42-48% complete
(5+ steps) successful) it works) successfully majority fail
Unexpected change 2-5 min additional Typically fails N/A 68 errors per 100; autonomous
recovery recovery rarely achieved

When tasks fall within the competence envelope, action
models are dramatically faster than humans. The combination
of speed and acceptable error rates creates genuine value for
high-reliability categories. But speed without reliability is
risk, not productivity. A system that processes 50 invoices 15
times faster but introduces errors in 19 of them does not save
time when those errors must be found and corrected. Time
efficiency advantage must always be evaluated against
success rate for the specific task type.

V. IMPLICATIONS: WHO BENEFITS,
WHO IS AT RISK, AND WHAT
MUST CHANGE

» For Businesses

The business case for action model Al is strongest when
organizations identify task categories that fall within the 35-
minute complexity ceiling, involve structured and
standardized inputs, and operate in stable, APIl-accessible
environments. Customer support ticket classification, lead
data enrichment, invoice processing from standardized
templates, appointment  scheduling in  controlled
environments, and response drafting are all categories where
current action models deliver reliable value.

Key business recommendation: Design action model
deployments with explicit human-in-the-loop checkpoints for
tasks exceeding the 35-minute complexity threshold, and
invest in monitoring infrastructure that detects execution
failures before they produce downstream damage.
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The risk is highest when organizations deploy action
models assuming they will handle exceptions as reliably as
standard cases. Exception handling the cases that deviate
from expected patterns is precisely where action models fail
most frequently. An automated workflow that handles 80%
of cases correctly and fails silently on the remaining 20% may
produce worse outcomes than a human-only system if failures
are not detected and corrected. Zapier's own documentation
is honest about this limitation, describing its Al as 'excellent
for simple, self-contained tasks' while noting that 'core
business functions requiring deep company knowledge' need
specialized platforms.

» For Freelancers and Independent Professionals

For freelancers, action models offer asymmetric value.
Administrative overhead client communication drafting,
invoice processing, scheduling, research compilation
disproportionately consumes time that could be billable.
Action models are most reliably useful in precisely these
administrative categories, which fall consistently within the
competence envelope.

A freelance consultant using GPT-40 with Zapier to
draft client update emails, extract project data into structured
reports, and manage calendar scheduling can realistically
recover 2-4 hours per week of billable time. At professional
billing rates, this represents meaningful financial value and
the task categories involved are precisely those where 80-
85% success rates are achievable and errors are recoverable
before they damage client relationships.
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The risk for freelancers is different: individual
professionals tend to deploy action models without
systematic monitoring. An incorrectly drafted email sent to a
client can damage a relationship built over years. Freelancers
should review automated outputs before they reach clients,
treat action models as draft-generators rather than
autonomous agents, and apply the same critical judgment
they would apply to work from a junior assistant.

» For Personal Users

For individual users, action models deliver genuine
utility in common personal automation categories: drafting
messages, organizing information, setting reminders, and
summarizing documents. Lower personal stakes reduce the
consequences of errors, making slightly lower reliability
more acceptable. The most honest framing for personal users:
think of action models as intelligent interns rather than
autonomous professionals. An intern who drafts emails you
review, researches information you verify, and organizes
your calendar with oversight provides real value. The same
intern  left completely unsupervised on complex,
consequential tasks produces unpredictable results.

» Ethical Dimensions: The Accountability Gap

The deployment of Al action models raises
accountability questions that current governance frameworks
have not resolved. When an automated system sends an email
on behalf of a professional, executes a financial transaction,
or makes a scheduling commitment incorrectly who is
responsible? The legal and ethical frameworks for Al-
mediated action are still being developed, and the pace of
deployment is outrunning the pace of governance.

Transparency: Users interacting with Al-driven systems
should know they are interacting with an automated
system, not a human.

Reversibility preference: Action model deployments
should prefer reversible actions and require additional
confirmation for irreversible ones (deleting records,
sending payments, making public communications).
Human oversight at complexity thresholds: Tasks
exceeding the empirically validated 35-minute
complexity ceiling should trigger mandatory human
review.

Audit trails: All action model executions should be
logged with sufficient detail to enable accountability
analysis when failures occur.

Bias monitoring: Action models trained on historical
data may reproduce and amplify biases in that data,
particularly in customer-facing applications. Systematic
monitoring for discriminatory outcomes is essential.

VI RESEARCH AGENDA: FIVE
PRIORITIES THAT WOULD
CHANGE EVERYTHING

» Priority 1: Robust Error Detection and Autonomous
Recovery
The single most impactful improvement available to
current architectures is reliable error detection during
execution. When an API call fails, when a web page has

NISRT26MAY 924

International Journal of Innovative Science and Research Technology

https://doi.org/10.38124/ijisrt/26may924

changed, when an extracted value is implausible, the system
must recognize the failure and initiate recovery not silently
proceed with corrupted state. Future research should develop
lightweight real-time verification modules embedded in
action execution pipelines, and recovery strategy libraries
enabling agents to select appropriate responses to common
failure modes. This single capability improvement would
directly address the 68-errors-per-100 rate for unexpected
environmental changes.

» Priority 2: Long-Context State Management Beyond 35

Minutes

The 35-minute complexity ceiling is ultimately a state
management problem. Complex tasks require accurate
awareness of what has been done, what remains, what
constraints apply, and what has been learned from
intermediate results. Research into persistent external
memory architectures, hierarchical task state representations,
and selective context compression offers pathways to
extending the practical complexity ceiling. Solving this
would unlock the high-value enterprise automation use cases
that current architectures cannot reliably address.

»  Priority 3: Reversibility-Aware Action Planning

Action models should be architecturally aware of the
reversibility of the actions they take. An architecture that
explicitly classifies actions as read-only, reversible-write, or
irreversible and applies proportionally greater caution and
verification to irreversible actions would substantially reduce
the consequences of errors. This is as much a system design
problem as a machine learning problem and can be addressed
through explicit reversibility classification in action model
tool definitions.

» Priority 4: Real-World Evaluation Benchmarks
WebArena and GAIA are valuable but controlled.
Research is needed on evaluation benchmarks that
incorporate the variability, authentication complexity,
dynamic content, and organizational-specific context of real
business environments. Without such benchmarks, it is
impossible to measure progress in the dimensions that matter
most to practitioners and impossible to honestly compare
claimed capabilities against real deployment outcomes.

» Priority 5: Governance Standards Specific to
Autonomous Action

The Al research community and industry need
governance frameworks for action model deployment that are
specific enough to guide real decisions: what success rate is
acceptable for unsupervised deployment in different risk
categories; what audit requirements apply; how responsibility
is allocated when automated actions produce harm; what
disclosure obligations apply. These are not purely technical
guestions. They require engagement between computer
scientists, legal scholars, ethicists, and the practitioners who
bear the consequences of getting them wrong.
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VII. CONCLUSION: AN HONEST
RECKONING

This paper set out to answer a question the Al industry
frequently avoids answering clearly: how well do Al action
models actually perform on real tasks, compared to humans,
when we measure honestly and report completely?

The answer: impressively on narrow tasks,
disappointingly on complex ones, and with a trajectory of
improvement that is faster than almost anyone expected three
years ago.

Action models in 2026 are genuinely useful for well-
defined, structured, low-complexity work. Email drafting,
data extraction, routine scheduling these deliver 80-85%
success rates at 5-25x human speed, with error rates that are
manageable under appropriate oversight. For organizations
and individuals who correctly identify this task category and
deploy with monitoring, the value is real.

Action models in 2026 are genuinely unreliable for
complex, multi-step, dynamically variable work. Multi-step
workflows above the 35-minute complexity threshold
succeed 30-48% of the time. Unexpected changes produce
autonomous recovery rates of 26-31%. These numbers do not
support unsupervised deployment in consequential processes.

The gap between what action models promise and what
they currently deliver is not a reason to abandon the
technology. It is a precise specification of what must be
solved and honest specification is the foundation of good
science and responsible practice.

What the research community owes to the practitioners
deploying these systems, and to the people affected by their
actions, is the honesty to say clearly what is ready, what is
not, and what the real conditions for reliable deployment are.
Progress is real, documented, and fast. The destination is
achievable. But we are not there yet and pretending otherwise
helps no one.
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