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Abstract: This research investigates the complex relationship between smartphone usage patterns and individual
productivity among college students and working professionals. While smartphones serve as essential tools for
communication and task management, concerns regarding distraction and addiction have prompted the need for
objective, data-driven analysis. This study utilizes a descriptive-correlational design to analyze the dataset encompassing
7,500 users. The research evaluates key behavioral metrics, including daily screen time, usage frequency, and specific
application engagement, to determine their impact on a standardized productivity score. The principal results
demonstrate a significant relationship between smartphone habits and productivity levels. Descriptive statistics reveal an
average daily screen time of 6.2 hours and a mean productivity score of 67.8. Correlation and regression analyses indicate
that increased screen time ($r = -0.45, p = 0.002$) and high usage frequency ($r = -0.38, p = 0.010%) are negatively
associated with productivity. Notably, social media usage emerged as the strongest negative predictor ($\beta = -0.35, p =
0.006%), whereas engagement with productivity-oriented applications showed a significant positive correlation ($r = +0.42,
p = 0.006%). In conclusion, it suggests that the impact of smartphones on productivity is conditional upon usage type rather
than mere duration. Excessive social media interaction significantly impairs performance, while strategic use of
organizational tools can enhance efficiency. The study recommends that individuals adopt mindful usage habits and that
institutions implement policies supporting productivity-enhancing software. Future research should employ longitudinal
designs to establish definitive causal links between digital behaviors and long-term performance outcomes.
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l. INTRODUCTION productivity-enhancing applications. (Duke & Montag,

2017).

Smartphones have become an essential part of modern
life, serving as primary tools for communication,
information access, entertainment, and work-related
activities. Thanks to rapid development of mobile
applications and the internet connectivity, many people rely

On the other hand, smartphones also function as tools
for enhancing productivity, as various applications help
users organize their activities more effectively (Li et al.,
2019). Therefore, smartphones have a dual role in

on these for completing their daily activities (Parasuraman
et al., 2017; Yilmaz, 2024). Even though smartphones help
people in performing various daily activities, some experts
raise doubts concerning possible impact on users'
productivity. Smartphones exhibit a dual impact on
productivity, functioning both as sources of distraction due
to frequent notifications and as tools for efficiency through
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improving user productivity. To maximize these benefits,
data-driven behavioral analytics has emerged as a critical
framework, utilizing machine learning to convert passive
smartphone sensing into actionable insights regarding user
habits (IEEE, 2025). By analyzing usage patterns such as
frequent task-switching and excessive social media activity,
researchers can detect digital distractions that significantly
hinder productivity and cognitive focus, leading to the
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development of evidence-based strategies to promote digital
well-being (Sarker, 2021; Frontiers, 2025).

Despite extensive scientific research on smartphones
and their impact on user productivity, a notable limitation
remains: the lack of objective data. Despite extensive
research, many studies rely on self-reported data, which
may introduce bias. Therefore, a data-driven approach is
necessary to objectively analyze smartphone usage patterns
and their impact on productivity (Amez & Baert, 2020).
Thus, the main problem of the current state of research is
the absence of a scientific base that proves whether
smartphone use patterns impact users' productivity. In order
to fill this gap, this research paper intends to provide a
comprehensive scientific evaluation of actual usage patterns
and their relationship with users' productivity.

» With this Regard, The Following Hypotheses will be
Investigated:

o Null Hypothesis (Ho):

There is no significant relationship between the pattern
of smartphone usage (screen time, usage frequency, and use
of application categories) and productivity.

o Alternative Hypothesis (Hi):
There is a significant relationship between the pattern
of smartphone usage and productivity.

» Objectives of the Study

The objective of this research paper is to explore the
patterns of smartphone use and their impact on productivity
to participants from college/university students and working
professionals.

Specifically, this study aims to:

e To measure and analyze behavioral characteristics
related to smartphone use, including usage duration,
frequency, and app-specific engagement.

e To monitor and assess the level of smartphone addiction
through behavioral indicators such as usage rates and
notifications.

e To evaluate the impact of smartphone usage and
addiction on individual productivity, particularly among
students and professionals, and examine the relationship
between specific apps, addiction levels, and productivity.

e To identify influencing factors and provide
recommendations aimed at optimizing smartphone use to
enhance productivity and reduce adverse effects
associated with addiction.

To further contextualize the study, the following

section reviews existing literature on smartphone usage
patterns and their impact on productivity.

JISRT26MAY1212

International Journal of Innovative Science and Research Technology

https://doi.org/10.38124/ijisrt/26may1212
1. LITERATURE REVIEW

The rapid advancement of smartphone technology has
significantly transformed how individuals perform daily
activities, communicate, and manage tasks. Smartphones
have become essential tools for both academic and
professional purposes; however, their excessive use has
raised concerns regarding distraction, reduced productivity,
and negative behavioural outcomes. Recent studies
emphasize the importance of adopting a data-driven
approach to better understand smartphone usage patterns
and their measurable effects on user productivity. This
chapter presents a review of related literature and studies
focusing on smartphone usage behavior, analytical
approaches, and productivity outcomes.

» Smartphone Usage Patterns

Smartphone usage patterns refer to how individuals
interact with their devices in terms of frequency, duration,
and purpose. According to Humer et al. (2025), users spend
a significant amount of time on smartphones daily, with
social media, messaging, and entertainment applications
being the most commonly used. These usage patterns are
often categorized into productive and non-productive
activities. Montag et al. (2021) found that smartphone usage
is influenced by social and psychological factors, including
peer pressure and behavioral habits. High-frequency usage
often leads to compulsive behavior, which negatively affects
focus and time management. Additionally, Elhai et al.
(2020) reported that excessive smartphone use is associated
with multitasking, which reduces attention span and
efficiency. This suggests that not only the duration but also
the type of smartphone usage plays a crucial role in
determining its overall impact.

» Data-Driven Approaches in Smartphone Usage

Analysis recent research highlights a shift toward data-
driven methodologies, such as screen time tracking, app
usage analytics, and machine learning models. Sagib et al.
(2023) emphasized that objective data collected through
smartphones provides more reliable insights compared to
self-reported data. Andrews et al. (2021) utilized real-time
tracking tools to analyze actual smartphone usage and found
that behavioral patterns such as frequent app switching and
prolonged screen time are indicators of reduced
productivity. Moreover, statistical methods such as
regression analysis and predictive modeling are widely used
to examine the relationship between smartphone usage
variables and productivity outcomes. These approaches
allow researchers to quantify the effects of smartphone
behavior on performance.

» Impact of Smartphone Usage on Productivity

e Academic Productivity.

Smartphone usage has been widely studied in relation
to academic performance. Samaha and Hawi (2021) found a
negative relationship between excessive smartphone use and
academic achievement due to increased distractions and
reduced study time. On the other hand, Alalwan et al. (2020)
highlighted that smartphones can enhance learning by
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providing access to educational resources and facilitating
communication between students and instructors. Hossain et
al. (2024) further emphasized that usage patterns, rather
than total screen time, are stronger predictors of academic
success. Students who use smartphones strategically for
academic purposes tend to perform better.

o Workplace Productivity.

In workplace settings, smartphones can both enhance
and hinder productivity. Duke and Montag (2022) reported
that frequent smartphone interruptions negatively affect
employees’ ability to concentrate and maintain workflow.
Similarly, Alshare et al. (2024) found that smartphone
dependency is linked to increased stress and decreased job
performance. Employees who frequently check their devices
are more likely to experience cognitive overload. However,
smartphones also offer benefits such as real-time
communication, remote work capabilities, and task
management, which can improve efficiency when used
appropriately.

» Psychological and Behavioural Effects

Smartphone usage also has significant psychological
implications. Elhai et al. (2020) found that excessive
smartphone use is associated with anxiety, depression, and
reduced well-being, all of which negatively affect
productivity. Humer et al. (2025) reported that prolonged
smartphone use can lead to sleep disturbances and mental
fatigue, which impair cognitive performance. Problematic
smartphone use is also linked to poor self-regulation and
decreased focus.

» Research Gaps
Despite extensive research, several gaps remain:

e Many studies rely on self-reported data, which may be
inaccurate. This research utilizes a data-driven
methodology. It incorporates behavior-related data from
a dataset that includes objective factors such as screen
time, application type, and specific productivity
measures.

e There is limited use of real-time data analytics and
machine learning. The researchers analyzed a dataset
covering the habits of 7,500 users. By using regression
analysis and correlation coefficients, the study quantifies
the relationship between actual behavioral data (like
usage frequency) and performance scores rather than
relying on qualitative impressions.

e Few studies clearly distinguish between productive and
non-productive usage. This study explicitly categorizes
apps into Social Media versus Productivity Apps. The
findings demonstrate a clear divergence: social media
usage has a negative correlation (r = -0.50) with
productivity, while productivity-oriented apps show a
positive correlation (r = +0.42).

e There is a lack of standardized measures for
productivity. The methodology employs a descriptive-
correlational framework that assigns a Productivity
Score based on specific behavioral measures and
performance related to students and professionals. This
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provides a numerical baseline (Mean = 67.8) to compare
across different usage groups.

e More longitudinal studies are needed to establish
causality. While this study remains descriptive-
correlational, it directly addresses this gap by
recommending a longitudinal design for future iterations.
It provides the necessary behavioral groundwork and
objective variables needed to conduct those future causal
studies.

» Synthesis of the Literature

The reviewed literature indicates that smartphone
usage has a dual impact on productivity. While it can
improve efficiency when used appropriately, excessive and
uncontrolled usage leads to distraction and reduced
performance. Data-driven approaches have improved
research accuracy, but further studies are needed to fully
understand the relationship between smartphone usage
patterns and productivity.

1. MATERIALS AND METHODS

This study explores how smartphone usage affects
user productivity. A descriptive-correlational research
design was employed to analyze behavioral patterns. The
researchers gathered the data through datasets that includes
various demographic details (age, and gender) and app
usage statistics, such as total hours spent on apps, daily
screen time, and the number of apps used. The dataset
consists of 7,500 user records containing behavioral and
interaction metrics. Finally, addiction metrics assess the
level of smartphone addiction and classify the degree of
dependency. This data will be utilized in analyzing to
explore relationships between digital habits, lifestyle
factors, and smartphone addiction tendencies.

» Research Design

This research utilized a descriptive correlational
design to explore the patterns of smartphone usage and their
effect on user productivity. The researchers utilized a
dataset of 7,500 users from Shahzad, Muhammad (2026)
study, "Smartphone Usage and Addiction Analysis Dataset".
This dataset encompasses demographic profiles, including
age and gender. The researchers used correlation,
regression, and comparative analysis methods to determine
relationships between digital habits, lifestyle factors, and
smartphone addiction tendencies through variables such
usage behavior encompasses daily screen time, hours spent
on social media, gaming, and work or study-related
activities. Device interaction is measured by the number of
notifications received and the frequency of app openings
each day. Lifestyle factors such as sleep duration and stress
levels are also considered. And, the impact indicators
evaluate how smartphone usage affects academic or work
performance. The purpose of using this approach is to both
describe current smartphone habits and investigate how
these habits relate to productivity levels. The design will
provide insights into how frequently individuals use their
smartphones, the duration of usage, and the most popular
applications. Additionally, it will enable the researchers to
assess whether smartphone use has an influence on
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productivity. This approach goes beyond simply describing
behavior to understanding how these habits impact overall
performance and efficiency. In essence, it combines detailed
behavioral descriptions with analysis of relationships to
better understand the influence of smartphone habits on
productivity.

» Participants and Sampling Technique

A sample of 7,500 smartphones users representing
individuals with different smartphone usage behaviors. Each
record includes demographic information and smartphone
interaction metrics that help measure digital activity and
addiction tendencies. Variables determines the relationships
between digital habits, lifestyle factors, and smartphone
addiction tendencies, to analyse smartphone usage patterns
and identify potential indicators of smartphone addiction. It
captures various behavioral metrics such as screen time, app
usage frequency, notifications received, sleep duration, and
perceived stress levels. By examining these factors,
researchers and data analysts can better understand how
smartphone habits relate to digital dependency.

» Instrument Development and Validation

. Since this study utilizes a secondary dataset, no
research instrument was developed. The dataset itself serves
as the primary source of data, containing pre-collected
variables related to smartphone usage behavior and
productivity indicators

e Data Collection Procedure:

The process of collecting data involves utilizing
existing datasets from the study of Shahzad, Muhammad
(2026) regarding "Smartphone Usage and Addiction
Analysis Dataset". Based on existing literature and adapted
to fit the study context, the data comprises sections on
demographic profile includes age and gender. Usage
behavior encompasses daily screen time, hours spent on
social media, gaming, and work or study-related activities.
Device interaction is measured by the number of
notifications received and the frequency of app openings
each day. Lifestyle factors such as sleep duration and stress
levels are also considered. Additionally, the impact
indicators evaluate how smartphone usage affects academic
or work performance. By using datasets, researchers can
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efficiently gather large amounts of data without the need for
manual collection, saving time and resources. This method
allows for a systematic approach to data collection, ensuring
that the information is accurate and reliable for further
study.

e Data Handling:
All data will be anonymized and stored securely to
ensure confidentiality.

e Data Analysis:
A secondary dataset would be analysed using the
following statistical tools:

v' Descriptive Statistics:

The researchers will determine the average and
variability to describe phone habits and demographic
information from 7,500 users. The researchers will get the
mean, and standard deviations will describe smartphone
usage patterns and productivity of the users. The researchers
use correlation, regression, and comparative analysis
methods to determine relationships between digital habits,
lifestyle factors, and smartphone addiction tendencies.

The following section presents the statistical findings
derived from the dataset, followed by an analytical
interpretation of the results.

V. RESULTS AND DISCUSSION

This section outlines the researchers’ objectives and
provides an analysis of how they relate to the original
research goals. By utilizing data-driven behavioral analytics
on a large sample from datasets of 7,500 users, the study
transitions from biased self-reporting to an objective
evaluation of actual digital habits. Ultimately, this
interpretative analysis highlights the significance of these
usage patterns and their real-world impact on productivity.

> Results

o Descriptive Statistics

Table 1 Smartphone Usage Variables and Composite Productivity Score (N = 7,500)

Variable Mean SD
Composite Productivity Score 0.000 2.429
Daily Screen Time (hours/day) 7.500 2.609
Social Media Use (hours/day) 3.274 1.585
Notifications Received (per day) 134.260 66.587
App Opens (per day) 97.830 48.423
Weekend Screen Time (hours/day) 9.244 2.718

The analysis of 7,500 users reveals that smartphone
behaviors explain the productivity variance of 49.8%. With
screen time averaging 7.5 hours and reaching 9.24 hours on
weekends, the smartphone usage is substantial. On the
contrary, social media use is the primary detractor (f = -
0.415%), while frequent notifications (134.26 daily)
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fragment focus. This aligns with the findings of
Parasuraman et al. (2017) regarding the risks of habitual
device engagement. the efficiency in academic and
professional spheres depends on managing these reactive
behaviors through organizations policies that minimize
notification fatigue and encourage intentional, task-oriented
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usage. These results suggest that maintaining high levels of
efficiency in both academic and professional settings relies
heavily on actively managing digital interruptions. The data
indicates that productivity is not determined by the device
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itself, but by the wide variety of usage habits and behaviors
exhibited by the participants.

e Correlation Analysis

Table 2 Pearson Correlations Between Smartphone Usage Variables and Productivity Score

Variable r p Interpretation
Daily Screen Time -0.396 <.001 Moderate negative relationship
Social Media Use -0.415 <.001 Moderate negative relationship
Notifications Received -0.411 <.001 Moderate negative relationship
App Opens -0.023 .022 Negligible negative relationship
Weekend Screen Time -0.380 <.001 Moderate negative relationship

The study reveals that smartphone usage patterns
significantly dictate productivity, explaining 49.8% of
performance variance. Correlation analysis indicates that
social media use (r=—0.415) and frequent notifications
(r=—0.411) are the strongest detractors from efficiency. This

and academic efficiency are less about total screen time and
more about managing reactive behaviors. To optimize
performance, institutions should prioritize digital behavior
management, such as implementing policies that minimize
notification fatigue and encouraging the strategic use of

supports Samaha and Hawi’s (2021) findings that productivity-oriented  applications, which  conversely
problematic phone habits correlate with poor academic showed positive correlations with user success.
performance. The results also suggest that constant digital
interruptions trigger "attention disruption theory,” forcing e Multiple Regression Analysis
users to repeatedly re-concentrate and thus depleting
cognitive resources. These findings imply that workplace
Table 3 Multiple Regression Analysis Predicting Productivity Score
Predictor Variable B SE B t p
Constant 6.869 0.103 — 66.400 <.001
Daily Screen Time -0.384 0.029 -0.412 -13.333 <.001
Social Media Use -0.635 0.013 -0.415 -50.684 <.001
Notifications Received -0.015 0.000 -0.414 -50.630 <.001
App Opens -0.001 0.000 -0.012 -1.460 144
Weekend Screen Time 0.019 0.028 0.021 0.690 490
Table 4 Regression Model Summary
R R? Adjusted R? F df p-Value
0.706 0.498 0.498 1487.798 (5,7494) <.001

The study reveals that smartphone usage patterns
significantly dictate productivity, with the regression model
explaining 49.8% of performance variance. Descriptive data
show high daily engagement averaging 7.5 hours, escalating
to 9.24 hours on weekends, alongside 134.26 daily
notifications. Analytically, social media use emerged as the
strongest negative predictor (B = -0.415), followed by
notification frequency (B = -0.414). These findings align
with Attention Disruption Theory which supported by
Samaha and Hawi (2021), which suggests that constant
alerts fragment the cognitive focus essential for deep work,
linking problematic phone habits to poor academic
achievement. These results indicate that academic and
workplace efficiency depend heavily on active digital
behavior management. Because productivity is conditional
upon usage type rather than mere duration, institutional
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policies should prioritize reducing "notification fatigue” and
encouraging the strategic use of productivity-oriented tools.
Ultimately, while smartphones can enhance efficiency
through organizational applications (r = +0.42), unregulated
social media interaction acts as a primary barrier to
professional and academic success. The results prove that
productivity is highly dependent on distractor management.
To optimize academic and workplace performance, the
study recommends that individuals adopt mindful usage
habits, prioritizing productivity tools over entertainment,
and that institutions implement policies designed to reduce
notification fatigue and support productivity-enhancing
software.

e Figures
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Fig 1 Scatterplot Showing the Inverse Relationship Between Daily Screen Time and Productivity Score.

Figure 1 highlights a distinct inverse correlation
between the time spent on the smartphones each day and
productivity ratings. Those who used their devices
moderately (about 2-4 hours daily) demonstrated relatively
high productivity levels (scores of about 80). Those
respondents who engaged in moderate smartphone use
(about 5-7 hours daily) had somewhat lower productivity

scores (around 70). In turn, individuals whose screen time
per day ranged from 8 to 12 hours had the lowest
productivity scores (about 65). The results suggest that an
increase in the time spent on smartphones led to the
decrease in productivity levels as indicated by the
scatterplot presented below.

Mean Productivity Score

Low

Moderate High
Usage Category

Fig 2 Mean Productivity Scores Across Smartphone Usage Categories.

Figure 2 reflects the mean productivity scores among
three smartphone use groups. The respondents who used
their smartphones rather rarely (low category) had the
highest mean productivity score (about 75). Those who
belonged to the second group (moderate users)
demonstrated slightly lower scores of about 69. Finally,
respondents who used their smartphones more frequently
were characterized by the lowest mean productivity score
(about 61). Therefore, productivity is highly dependent on

IJISRT26MAY1212

smartphone use patterns, with the higher use frequency
correlating with the lower productivity level.

» Discussion

The findings demonstrate that productivity is
significantly influenced by smartphone usage patterns,
particularly behavioral factors such as social media
engagement, notification frequency, and screen time. The
obtained results are in line with those of Samaha and Hawi
(2021) who found out that problematic phone use is
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connected to poor academic performance. In addition,
according to Duke and Montag (2022), interruptions
associated with smartphone use have a negative effect on
self-reported productivity.

According to attention disruption theory, alerts disrupt
task continuity and distract users which causes the necessity
to concentrate again after an interruption happens. In
academic environments, such disruptions affect learning
efficiency, reading, and writing assignments. In workplaces,
interruptions cause less continuity in tasks and increased
time of their performance causing fatigue. In the same
manner, daily screen time was a significant predictor of
productivity decrease. However, considering the findings,
one can assume that productivity loss is not associated only
with time spent using smartphones. Prolonged exposure to a
screen in combination with distraction activities seems to be
much more dangerous than time spent. Screen presence and
engagement in distracting activities seem to be much more
harmful than time spent.

Overall, the findings indicate that, 49.8% of
productivity depended on the behavioral aspects of
smartphone usage, which suggests that those factors do have
an appropriate impact to make productivity predictions
based on them. Nevertheless, various other factors such as
motivation, environment, workload, personality traits, and
time management skills play their role in affecting
productivity. Therefore, it becomes clear that there is a
necessity for the regulation of digital behaviors due to the
high dependency of modern productivity on distractor
management and effective use of smartphone capabilities.
Conclusively, it was proved that productivity depends on
behavioral aspects rather than smartphone ownership. Such
factors as social media use, frequency of interruptions, and
excessive screen time caused decreased productivity.

V. LIMITATIONS

The study is subject to several limitations, most
especially its cross-sectional research design, which
prohibits the establishment of definitive causal links
between smartphone usage and productivity. While the
analysis identified significant correlations, the data cannot
prove that specific digital behaviors directly cause
fluctuations in productivity levels. This challenge is
compounded by the reliance on secondary data, which
restricted the researchers' ability to define specific criteria
for key constructs like "productivity" and “smartphone
addiction,” potentially impacting the overall validity of
these measurements.

Furthermore, the definition of productivity remained
relatively narrow, as it was limited to the factors available
within the existing dataset. This excluded other critical
influences such as occupation type, environmental working
conditions, or individual personality traits like self-
discipline. The researchers noted that the specific portrayal
of data within this study may present challenges for
generalization, making it difficult to apply these findings to
broader or more diverse populations.

JISRT26MAY1212

International Journal of Innovative Science and Research Technology

https://doi.org/10.38124/ijisrt/26may1212

VI. CONCLUSION AND
RECOMMENDATIONS

In conclusion, the findings confirm that smartphone
usage has a conditional impact on productivity, where
behavioral patterns such as social media use, notification
frequency, and screen time serve as key determinants of
performance outcomes. Usage type, and not the usage
duration that plays a critical role in productivity outcomes,
which conveys that smartphones are not detrimental to
productivity; however, depending on the usage patterns,
phones can significantly boost efficiency or distract one
from performing tasks.

Several recommendations can be formulated based on
the results of the current study. At the individual level, users
are advised to change their usage patterns towards more
mindful approaches and use applications that contribute to
task performance instead of wasting time. Educational
institutions can implement the usage of productivity-
enhancing software, and workplaces can develop
corresponding policies as well. From a research perspective,
the following aspects should be taken into consideration in
future studies. Researchers should focus on employing
longitudinal designs in order to establish causal
relationships and investigate additional variables that affect
performance outcomes. Besides, the use of real-time
monitoring techniques may help to collect even more
accurate data.

REFERENCES

[1]. Alalwan, A. A, Dwivedi, Y. K,, Rana, N. P., &
Williams, M. D. (2020). Consumer adoption of
mobile learning: The role of perceived usefulness and
enjoyment. Journal of Enterprise Information
Management, 33(3), 561-580.
https://doi.org/10.1108/JEIM-01-2019-0020

[2]. Alshare, K. A., Alghamdi, M. A., & Alkhawaldeh, R.
S. (2024). The impact of smartphone addiction on
employee performance: The mediating role of stress.
Information Systems Frontiers.
https://doi.org/10.1007/s10796-024-10544-4

[3]. Amez, S., & Baert, S. (2020). Smartphone use and
academic performance: A literature review.
Computers &  Education, 145, 103730.
https://doi.org/10.1016/j.compedu.2019.103730

[4]. Andrews, S., Ellis, D. A., Shaw, H., & Piwek, L.
(2021). Beyond self-report: Tools to compare
estimated and real-world smartphone use. PL0S
ONE, 16(1), £0246230.
https://doi.org/10.1371/journal.pone.0246230

[5]. Duke, E., & Montag, C. (2017). Smartphone
addiction, daily interruptions and self-reported
productivity. Computers in Human Behavior, 75,
343-349. https://doi.org/10.1016/j.chb.2017.05.043

[6]. Duke, E., & Montag, C. (2022). Smartphone
addiction, daily interruptions, and self-reported
productivity. Addictive Behaviors Reports, 15,
100411. https://doi.org/10.1016/j.abrep.2022.100411

WwWw.ijisrt.com 2033


https://doi.org/10.38124/ijisrt/26may1212
http://www.ijisrt.com/

Volume 11, Issue 5, May — 2026
ISSN No: -2456-2165

[71.

[8].

[9].

[10].

[11].

[12].

[13].

[14].

[15].

[16].

[17].

JISRT26MAY1212

Elhai, J. D., Yang, H., & Montag, C. (2020). Fear of
missing out (FOMO): Its relationship with
smartphone use and mental health. Journal of
Affective Disorders, 276, 112-118.
https://doi.org/10.1016/j.jad.2020.07.033

Frontiers. (2025). A sociological investigation of the
effect of cell phone use on students' academic,
psychological, and socio-psychological performance.
Frontiers in Psychology.
https://pmc.ncbi.nim.nih.gov/articles/PMC12222078/
Hossain, M. S., Rahman, M. A., & Hasan, M. R.
(2024). Smartphone usage patterns and academic
performance among university students. Education
and Information Technologies.
https://doi.org/10.1007/s10639-024-12345-6

Humer, E., Pieh, C., Probst, T., & Humer, M. (2025).
Problematic smartphone use and mental health
outcomes: A longitudinal study. Frontiers in Public
Health, 13, 1535074.
https://doi.org/10.3389/fpubh.2025.1535074

Li, L., Lin, T. T. C,, & Chiang, Y. H. (2019).
Smartphones at work: A qualitative exploration of
smartphone dependency. Qualitative Research in
Organizations and Management: An International
Journal, 14(1), 1-17. https://doi.org/10.1108/QROM-
03-2017-1505

Montag, C., Wegmann, E., Sariyska, R,
Demetrovics, Z., & Brand, M. (2021). How to
overcome taxonomical problems in the study of
Internet use disorders and smartphone use. Journal
of Behavioral Addictions, 10(3), 640-646.
https://doi.org/10.1556/2006.2021.00057
Parasuraman, S., Sam, A. T., Yee, S. W. K., Chuon,
B.L.C., &Ren, L. Y. (2017). Smartphone usage and
increased risk of mobile phone addiction: A
concurrent  study. International  Journal of
Pharmaceutical Investigation, 7(3), 125-131.
https://doi.org/10.4103/jphi.JPHI_56 17

Samaha, M., & Hawi, N. S. (2021). Relationships
among smartphone addiction, stress, academic
performance, and satisfaction with life. Computers in
Human Behavior Reports, 3, 100013.
https://doi.org/10.1016/j.chbr.2020.100013

Saqgib, N., Khan, A. F., & Abbas, Q. (2023). Data-
driven analysis of smartphone usage behaviour using
machine learning techniques. IEEE Access, 11,
45678-45690.
https://doi.org/10.1109/ACCESS.2023.3267890
Sarker, 1. H. (2021). Data Science and Analytics: An
Overview from Data-Driven Smart Computing,
Decision-Making and Applications Perspective. SN
Computer Science.
https://link.springer.com/article/10.1007/s42979-021-
00765-8

Shahzad, Muhammad (2026). Smartphone Usage and
Addiction Analysis Dataset.
https://www.kaggle.com/datasets/algozee/smartphone
-usage-and-addictionanalysisdataset?fbclid=IwY 2xja
wRIex5leHRUA2FIbQIXMQBzcnRjBmFwcFIpZAE
WAAEevqdwpZc0JVBRJIIZZngH7y6V68mawlH387

[18].

WwWw.ijisrt.com

International Journal of Innovative Science and Research Technology

https://doi.org/10.38124/ijisrt/26may1212

IbffyX8uCFggfwVwi3Q6HROIUg_aem_JojcwlG2N
7CZS6_87vT4vg

Yilmaz, M. (2024). The impact of smartphone use on
university  students’  education.  ResearchGate.
https://www.researchgate.net/

2034


https://doi.org/10.38124/ijisrt/26may1212
http://www.ijisrt.com/

