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Abstract: Artificial Intelligence (AI) is used more in recruitment to help increase the velocity of hiring, as well as improve 

accuracy and decision-making speed. The performance of automated resume screening, chatbots, video analytics, and 

predictive algorithms make it possible for organizations to handle large candidate volumes and identify more suitable 

candidates quickly. Though AI has many advantages, concerns surround fairness, algorithmic transparency, confidentiality 

and if human interaction quality will be lowered as a result. This study examines the effectiveness of AI in talent 

identification by assessing three aspects: recruitment efficiency, challenges and risks, and predictive accuracy. A 

quantitative, cross-sectional survey was conducted with 204 HR professionals experienced in AI-enabled recruitment. Using 

descriptive statistics and multiple regression analysis, the study evaluated whether AI efficiency and AI-related challenges 

significantly influence perceptions of AI effectiveness. Results reveal that although respondents hold moderately positive 

views toward AI, neither recruitment efficiency nor perceived challenges significantly predict AI’s effectiveness in candidate 

suitability assessment. The research suggested that additional factors such as system transparency, organisational digital 

maturity and quality of human and AI co-operation had effect on how well an AI system worked. This research contributes 

to the growing literature on ethical and responsible AI adoption, and it emphasizes the necessity of recruiting staff based 

not only on technological capability but also common sense. 
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I. INTRODUCTION 

 

Artificial Intelligence is quickly transforming the way 

organizations identify and recruit talent. Company executives 

have had to employ ever faster hiring strategies, select 

candidates with higher potential, and reduce expenses 
associated with staff employment in recent years. Traditional 

hiring methods like paper résumés and phone interviews, as 

well as subjective assessments are no longer good enough for 

an age where thousands of job hunters vie for few positions. 

This implies that AI is now a veritable necessity because it is 

a means to help recruiters handle the large number of paper 

applications, know quickly what truly required skills are at 

their fingertips, and decide on better hiring decisions. This 

shift shows that AI is not just an additional feature in 

recruitment, but a key factor shaping the future of hiring. 

 

Today, artificial intelligence tools used in recruitment 

contain automated résumé screening systems, chatbots which 

converse with candidates back-and-forth, video interview 

analysis, predictive algorithms that forecast how well a 

candidate might succeed on the job. AI enables organizations 

to evaluate candidates in a more consistent way and reduces 
the danger of neglecting qualified applicants. AI is able to scan 

large data sets, recognize patterns and offer insights rapidly, 

jobs that would take human recruiters many hours or even days 

to do. For this reason, companies often have shorter time spans 

in hiring new employees, spend less money on recruitment and 

become more efficient overall. 

 

But the majority of HR people are not AI specialists. For 

the average HR professional, they do not understand what this 

AI approach means. They might think that AI must be some 

kind of computer program that operates on its own, moving 

across the internet and judging people. This suggests that 
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regardless of how widespread AI is in recruitment circles or 

any other field, both candidates who are judged by such AI 

should understand who really controls it. Otherwise nobody 

will be able to trust, and everyone will have doubts about what 

kind of thought process AI employs or whether there is any 
such thing as logical thinking for these machines at all. 

Another issue is transparency. Many of the AI tools are like 

"black boxes," both recruiter nor candidate completely 

understand the decision principle. This lack of transparency 

can affect the trust between the two sides, and even lead to 

ethical troubles for enterprises. Another area of concern is the 

candidate experience. While AI might make recruitment faster 

and more structured, it also means candidates have fewer 

opportunities for human contact. They can feel alienated, or 

even exasperated; if everything is done by machine throughout 

their journey through hiring. So companies must strike a 

balance between applying AI methods to improve efficiency 
and at the same time giving recruiting candidates a level of 

human attention they value. But in the midst of such 

challenges, AI is increasingly important because it can 

enhance recruiting accuracy and selection quality. 

 

Companies that have adopted AI report better job–

candidate matching, improved prediction of future 

performance, and more structured decision-making When the 

working environment is now digital, as AI takes a more 

comprehensive stand in identifying talent, things will only get 

stronger. Dealing with both opportunities and problems, 
therefore it is equally important for us to investigate just how 

effective AI is in recruitment and selection. This study is 

focused on the extent to which AI affects the outcome of hiring 

- be that the rapidity fairness and quality in hiring. It will also 

scrutinize what practical difficulties organizations have to 

solve as they try and introduce AI into their recruitment 

systems. Finally, this research aims to bring fresh fuel to the 

fire that is ongoing dialogue about how AI should responsibly 

ethically and productively be used in shaking up the methods 

for future professionals to get hired. 

 

II. LITERATURE 
 

 AI and Recruitment Efficiency 

AI in recruiting extends the machines ' ability to work as 

human beings, effectively replacing HR workers for the first 

time. AI-driven screening tools can process very large 

amounts of résumés in seconds, markedly reducing the 

workload and administrative time for recruiters (Davenport et 

al., 2020: 27). It has been found that for systems using AI-

based methods, time-to-hire metric has more benefits than 

limitations. Resume filtering, candidate ranking and 

shortlisting are all jobs that can be done in a few hours or less 
by automated systems. (Villarroel Ordenes et al., 2020).  

 

When artificial intelligence handles the first round of 

applicant judging, recruiters can spend more time on strategy 

and engagement with candidates in order to create a better 

impression. Chatbots, automatic interview schedulers and AI-

enabled sourcing tools are all tools that have been proven to 

reduce recruitment cycle time through the handling of 

candidate interactions so that there is no delay for human 

response time (Luo et al., 2019). Recruiters who use AI report 

up to 40-50% higher hiring speed. Particularly in high-volume 

hiring situations such as retail/hotel s6ervices and IT-related 

activities, the more unpredictable the process becomes due to 

previous habits of reciprocity conducted between machines 

and people to passive one(objective). (Singh & Hess, 2020) 

 
 AI and Cost Reduction in Hiring 

Hiring costs are significantly reduced through 

automation. According to Chamorro-Premuzic et al. (2019), 

AI-enabled recruitment systems lower cost-per-hire by 

reducing reliance on external agencies, minimizing manual 

screening time, and optimizing the hiring funnel. Better 

forecasting makes for improved proficiency and will mean 

savings in return reduced employee turnover, lower long term 

hiring costs (Suen, Chen, & Lu, 2019). 

 

AI sourcing tools, which scan job boards, social media 

and professional networks, scale back advertising costs while 
extending the range of candidates (Nawaz & Gomes, 2020). 

Forecasting through predictive analytics allows organizations 

to understand the demands of the labour market in their area, 

and this efficient talent forecasting reduces recruiting costs. 

 

 Speed and Accuracy in Early Candidate Filtering 

AI excels in early stage filtering by analysing textual data 

from résumés, application forms and online profiles. NLP 

techniques enable automated extraction of relevant skills, 

experience and keywords (Yao, 2021). This accelerates 

shortlisting and reduces human error. Research shows that AI 
achieves higher accuracy than manual screening in identifying 

candidates with required competencies (Woods et al., 2020). 

 

Recruiters increasingly rely on video interview analytics 

and gamified assessments, which evaluate cognitive and 

behavioural traits to speed up decision-making (Köchling & 

Wehner, 2020). These systems generate immediate results, 

contributing to faster and more informed hiring decisions. 

 

 Algorithmic Bias and Fairness Issues 

One of the most critical concerns in AI recruitment is 

algorithmic bias. AI models learn from historical datasets, and 
if past hiring decisions favoured certain groups, AI may 

inadvertently reinforce those biases (Ajunwa, 2020). 

Amazon’s well-publicized hiring algorithm failure 

demonstrated how biased data can lead to discriminatory 

outcomes against women in technical roles (Dastin, 2018). 

Studies reveal that AI may magnify inequalities if not trained 

on diverse datasets (Raghavan et al., 2020). Facial recognition-

based video assessments have also been criticized for lower 

accuracy among people with darker skin tones or non-native 

accents, raising concerns about fairness (Buolamwini & 

Gebru, 2018). 
 

 Lack of Transparency and Explainability 

Many AI recruitment systems function as “black boxes” 

where neither recruiters nor candidates understand how 

decisions were generated (Bodie, Cherry, McCormick, & 

Tang, 2021). This lack of explainability reduces trust and 

creates legal and ethical risks. Explainable AI (XAI) has been 

proposed as a solution, but its adoption in recruitment remains 

limited (Arrieta et al., 2020). Candidates frequently express 

discomfort with automated decision-making, especially when 



Volume 11, Issue 8, August – 2026                                         International Journal of Innovative Science and Research Technology 

ISSN No:-2456-2165                                                                                                               https://doi.org/10.38124/ijisrt/26aug500 

 

 

IJISRT26AUG500                                                              www.ijisrt.com                                                                                       1714            

they are rejected without understanding the rationale (van 

Esch & Black, 2019). 

 

 Privacy and Data Security Concerns 

AI systems rely heavily on candidate data, which raises 
privacy concerns. Predictive analytics often uses sensitive 

information, and improper data handling may violate 

regulations such as GDPR (Basu, 2021). Candidate consent, 

data retention policies, and monitoring of AI logs remain 

unclear in many organizations. 

 

Video analytics and psychometric assessments also 

collect biometric and behavioral data, further intensifying 

privacy concerns (Hunkenschroer & Luetge, 2022). 

 

 Technological, Financial, and Skill-Related Barriers 

Implementing AI requires technical expertise, financial 
investment, and organizational readiness. Smaller companies 

and SMEs face resource constraints that limit adoption 

(Meijerink et al., 2021). Studies also reveal a digital skills gap 

among HR professionals, many of whom lack the training to 

work effectively with AI tools (Strohmeier, 2020). 

 

 Risks of Over-Automation and Reduced Human Touch 

Overreliance on AI may lead to impersonal hiring 

experiences. Candidates often complain about feeling 

disconnected when interacting only with automated systems 

(Johnson et al., 2021). Excessive automation may also 
overlook emotional intelligence, interpersonal skills, and 

cultural fit areas where human judgment remains essential 

(Bogen & Rieke, 2018). 

 

Thus, while AI provides efficiency, it also introduces 

significant ethical, operational, and psychological risks that 

organizations must manage. 

 

 AI and Predictive Accuracy 

Predictive hiring models use machine learning 

algorithms to estimate candidate performance, cultural fit, and 

retention likelihood. Studies show that AI-based predictive 
analytics outperform traditional methods by analysing patterns 

that humans cannot detect (Suen et al., 2019). Machine 

learning models such as Random Forest, Gradient Boosting, 

and Neural Networks deliver higher prediction accuracy 

compared to human assessment (Zhang et al., 2020). 

 

 Use of NLP and Behavioural Analytics in Suitability 

Assessment 

AI analyses structured and unstructured candidate data, 

such as voice tone, facial expressions, word choice, and 

problem-solving patterns (Köchling & Wehner, 2020). These 
assessments claim to identify behavioural traits, cognitive 

ability, and job potential. However, the accuracy of such tools 

varies and may be influenced by environmental factors. 

 

 AI and Reduction of Human Subjectivity 

Human hiring decisions are vulnerable to cognitive 

biases, fatigue, and intuition-driven judgments. AI provides 

consistent evaluation criteria, reducing subjectivity in initial 

screening (Cai et al., 2020). Automated scoring ensures 

uniformity in candidate evaluation, contributing to higher 

selection accuracy. 

 Limitations in Predictive Validity 

Despite potential benefits, scholars argue that predictive 

hiring tools may oversimplify human complexity (Newman et 

al., 2020). Predictive models depend on high-quality training 

data, and inaccuracies in data labeling or missing attributes can 
reduce predictive validity (Woods et al., 2020). Candidates 

may also "game" AI-based assessments if they learn how 

algorithms score responses. 

 

 Hybrid AI–Human Decision Models 

Recent research suggests that the best hiring outcomes 

occur when AI complements human expertise rather than 

replacing it (Tambe et al., 2019). AI handles data-driven tasks 

while humans evaluate interpersonal and contextual factors, 

resulting in higher predictive accuracy. 

 

III. CONCEPTUAL FRAMEWORK FOR 

ASSESSING THE EFFECTIVENESS OF 

ARTIFICIAL INTELLIGENCE IN TALENT 

IDENTIFICATION AND SELECTION 

 

 
Fig 1 Conceptual Framework 

 

 Interpretation: 

AI can help organizations choose the right candidates by 

making hiring faster, cheaper, and more efficient. When AI 

reduces time-to-hire, screens applications quickly, and lowers 

recruitment costs, it improves the accuracy of selecting 

suitable candidates. However, AI also has challenges such as 

bias, privacy issues, and lack of transparency, which can 

reduce fairness and accuracy in hiring. Therefore, the overall 
effectiveness of AI in predicting candidate suitability depends 

on how well its benefits are used and how well its risks are 

controlled. 

 

 

 

 

 

 

 



Volume 11, Issue 8, August – 2026                                         International Journal of Innovative Science and Research Technology 

ISSN No:-2456-2165                                                                                                               https://doi.org/10.38124/ijisrt/26aug500 

 

 

IJISRT26AUG500                                                              www.ijisrt.com                                                                                       1715            

IV. OBJECTIVES 

 

 To evaluate the impact of AI tools on the efficiency of 

talent identification including time-to-hire and cost 

reduction. 

 To identify the challenges, risks and limitations 

organizations face in implementing AI for recruitment and 

selection. 

 To assess the effectiveness of AI-based systems in 

predicting candidate suitability and selection accuracy. 

 

V. RESEARCH METHODOLOGY 

 

This study adopted a quantitative, cross-sectional 

research design to assess the effectiveness of Artificial 

Intelligence (AI) in recruitment and selection. Data were 
collected through a structured questionnaire that used Likert-

scale items to measure respondents’ perceptions. A 

quantitative design is suitable because it enables objective 

statistical evaluation of how AI recruitment efficiency and AI-

related challenges influence the perceived effectiveness of AI 

in talent identification and candidate selection. 

 

 Population and Sampling 

The population for this study consisted of professionals 

directly involved in recruitment activities, including HR 

managers, HR executives, talent acquisition specialists, and 

HR system users. A purposive sampling technique was applied 
to ensure that participants had relevant exposure to AI-based 

hiring tools. 

 

A total of 204 valid responses were collected. This 

sample size satisfies the recommended minimum for 

regression-based studies (Hair et al., 2010) and provides 

sufficient statistical power for multivariate analysis. 

 

Table 1 : Descriptive Statistics 

Construct Mean  SD 

AI Recruitment Efficiency 3.74  0.48 

AI Challenges & Risks 3.69  0.42 

Effectiveness of AI (DV) 3.8  0.47 

 
 Interpretation: 

All mean values fall between 3.6 and 3.8, showing 

respondents generally hold neutral to moderately positive 

perceptions across all constructs. The standard deviations 

(<0.5) indicate low variability, suggesting the respondents 

perceive AI in a relatively consistent manner. 

 

Table 2 : Correlation Matrix 

Variables 1 2 3 

1. AI Recruitment Efficiency 1 — — 

2. AI Challenges & Risks 0.12 1 — 

3. Effectiveness of AI (DV) 0.09 0.11 1 

 

 Interpretation: 

All correlations are weak (<0.20). 

This indicates: 

 Efficiency does not strongly relate to perceived AI 
effectiveness. 

 Challenges also have minimal association with perceived 

AI effectiveness. 

 

This suggests AI effectiveness is influenced by other 

factors not included in this model, such as transparency, user 
trust, or organizational readiness. 

 

Table 3: Regression Model Summary 

 
 

 Interpretation: 

 The model explains only 1.4% of the variation in the 

dependent variable. 

 The p-value 0.244 > 0.05 indicates the overall model is not 

statistically significant. 

 

This means the predictors in this model do not 
collectively explain the perceived effectiveness of AI. 

 

Table 4 : Regression Coefficients 

Predictor Beta (β) 

Std. 

Error 

t-

value 

p-

value 

Constant 3.945 0.475 8.303 0 

AI Recruitment 

Efficiency –0.0817 0.084 

–

0.975 0.331 

AI Challenges & 
Risks 0.0903 0.074 1.225 0.222 

 

 Interpretation of Predictors 

 

AI Recruitment Efficiency → Effectiveness of AI 

 

β = –0.081, p = 0.331 → Not significant 

 

Even though efficiency improves speed and automation, 

respondents do not view increased efficiency as leading to 

better-quality AI decisions. 

 
 Interpretation: 

HR professionals may feel that speed does not guarantee 

accuracy or fairness in hiring decisions made by AI. 

 

AI Challenges & Risks → Effectiveness of AI 

 

β = 0.090, p = 0.222  → Not significant 

 

Challenges such as bias, privacy, or over-automation do 

not significantly affect how effective HR professionals 

perceive AI tools to be. 

 
 Interpretation: 

HR respondents may accept AI’s limitations but still 

view AI effectiveness independently of challenges. 

 

 

 

 

Statistic Value

R-squared 0.014

Adjusted R-squared 0.004

F-statistic 1.42

p-value 0.244
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VI. FINDINGS 

 

Consequently, the findings of this study expose an 

enormous gap between the perceived benefits of AI and its 

actual measured effectiveness in recruitment. Respondents 
generally held positive opinions about AI's ability to both 

speed up hiring processes and improve consistency, and also 

praised its overall efficiency as moderately good ( table 1) 

based on statistical analysis, neither AI recruitment efficiency 

nor experiencing AI-related problems contributed 

significantly to perceived AI effectiveness in human resources 

management. The regression model accounted for only a small 

part of the variation, which means more complex and 

multidimensional factors affect AI performance. This may be 

due to the system's transparency, quality of training data, 

interaction between human and AI, users' competence, and 

general readiness of organization. On the whole, the findings 
indicate that HR professionals do not only evaluate AI’s true 

effectiveness in choosing suitable candidates based on 

operational efficiency and perceived risks alone. 

 

VII. CONCLUSION 

 

The research concludes, therefore, that while AI has revamped 

human resources by means such as automatic screening and 

faster action on the hiring frontier and also eliminating bias 

from ballots except in favour of favoured candidates to a great 

extent none of this operational efficiency seen in practice 
translates readily into perceptions about higher effectiveness 

for interviewee selection. Similarly matters such as fairness, 

transparency and data security do not have any significant 

effect on HR managers' way of thinking about AI. The results 

indicate that the effectiveness of AI in recruitment is not 

simply the product of good system performance and avoiding 

ethical hazards. But rather that broader organizational and 

technical factors also shape how well it works. This study 

underlines the importance of conscientious AI 

implementation, more transparency and human–AI 

cooperation. The combination of AI with human judgment 

instead of replacing it might present a more even, ethical and 
sure way for modern recruiting. 

 

VIII. FUTURE SCOPE 

 

Future research should consider more variables such as 

algorithmic transparency, recruiter trust, digital readiness and 

the quality of AI training data to understand precisely what 

determines AI effectiveness in human resources more 

generally. Broader studies across industries and larger sample 

sizes would permit more robust generalization. Longitudinal 

research could take advantage of how perceptions of artificial 
intelligence develop as systems mature and use widens. 

Qualitative techniques such as interviews or focus groups may 

bring out much deeper insights on issues of fairness, 

acceptance and user experience. Future research should also 

look at hybrid human AI decision models to see if 

collaborative approaches can produce better results in 

applicant suitability and overall recruitment ratings. 
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