
Volume 9, Issue 3, March – 2024                                             International Journal of Innovative Science and Research Technology 

ISSN No:-2456-2165                                                                                                https://doi.org/10.38124/ijisrt/IJISRT24MAR211 

 

 

IJISRT24MAR211                                                             www.ijisrt.com                     227 

Heart Disease Detection Using AI 
 

 

Narannagari Chaathurya (Student) 

Artificial Intelligence and Machine Learning 

Sphoorthy Engineering College (JNTUH) 

Hyderabad, India 

Sikharam Abhinav (Student) 

Artificial Intelligence and Machine Learning 

Sphoorthy Engineering College (JNTUH) 

Hyderabad, India 

 

 
Battu Sri Vamshidhar (Student) 

Artificial Intelligence and Machine Learning 

Sphoorthy Engineering College (JNTUH) 

Hyderabad, India 

Kandula Revathi (Assistant professor) 

Artificial Intelligence and Machine Learning 

Sphoorthy Engineering College (JNTUH) 

Hyderabad, India 

 

 

Abstract:- Over the past few decades, cardiovascular 

disease has emerged as the primary cause of death 

worldwide in both industrialized and developing nations. 

Early detection of heart problems and continued clinical 

monitoring can reduce death rates. However, because it 

takes more time and experience, it is not possible to 

accurately detect heart disorders in all cases and to have 

a specialist talk with a patient for 24 hours. We 

demonstrate how machine learning can be used to 

estimate an individual's risk of developing heart disease. 

This study presents data processing, which includes 

converting categorical columns and working with 

categorical variables. We outline the three primary 

stages of developing an application: gathering datasets, 

running logistic regression, and assessing the properties 

of the dataset. The random forest classifier technique is 

developed to diagnose cardiac problems more precisely. 

Data analysis is needed for this application since it is 

considered noteworthy. The random forest classifier 

algorithm, which improves the accuracy of research 

diagnosis, is next covered, along with the experiments 

and findings. 

 

Keywords:- Artificial Intelligence; Early Detection; 

Machine Learning; Heart Disease Detection; Data Analysis. 

 

I. INTRODUCTION 

 
This paper discusses the relevance of Python 

programming language in healthcare applications, 

specifically in the development of dynamic and scalable 

solutions for heart disease detection, and the significance of 

machine learning in cardiac disease diagnosis and 

prediction. Python's versatility and rich ecosystem of 

libraries indeed make it a popular choice for such tasks. 

 

In the context of heart diseases, machine learning 

models can analyse various medical data to predict the 

likelihood of a patient having a heart condition. By 

leveraging libraries like Pandas for data manipulation, 
Matplotlib for data visualization, developers can build 

robust predictive models. These models can process diverse 

data sources, including patient demographics, medical 

history, and diagnostic test results, to provide valuable 

insights to healthcare professionals. 

 

The use of Python in healthcare extends beyond just 

predicting heart diseases; it also facilitates the development 
of applications for managing patient records, analysing 

medical imaging data, and even assisting in surgical 

procedures. The language's ease of use and extensive 

community support contribute to its widespread adoption in 

the medical field. 

 

Overall, the combination of machine learning 

techniques and Python programming offers promising 

opportunities for improving healthcare outcomes, 

particularly in the early detection and management of heart 

diseases. 

 

II. PROBLEM STATEMENT 

 

It's evident that the healthcare sector is increasingly 

relying on data-driven insights to improve patient care and 

optimize healthcare delivery. Python, with its versatility and 

extensive libraries, plays a crucial role in extracting valuable 

insights from healthcare data. 

 

Regarding heart disease, Python can aid in analysing 

various factors such as cholesterol levels, patient 

demographics, and medical history to predict and diagnose 
conditions like coronary artery disease (CAD). As 

mentioned, CAD often goes undetected in its early stages, 

making predictive analytics especially valuable for early 

intervention. 

 

Moreover, Python's capabilities extend to ensuring 

compliance with regulations like HIPAA, which are 

paramount in handling sensitive healthcare records. With 

built-in tools for software-defined security, Python helps 

healthcare projects adhere to strict data protection standards. 

 

Machine learning algorithms further enhance 
healthcare analytics by enabling the development of tracking 

and health monitoring applications. Python's ease of use and 

robust libraries make it an ideal choice for building these 

applications, ultimately leading to better patient outcomes. 
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Python’s prominence in the healthcare sector stems 

from its ability to handle complex data analysis tasks, ensure 

data security, and facilitate the development of innovative 

healthcare solutions, including those aimed at detecting and 

managing heart disease. 

 

III. LITERATURE REVIEW 

 

 
Fig. 1. Theoretical Framework. 

 

It's important to understand the risk factors associated 

with heart disease, as well as the symptoms that may 

indicate a heart problem. Diabetes, obesity, unhealthy diet, 

overweight, excessive alcohol use, and physical inactivity 

are all significant contributors to heart disease risk. And 

while chest pain is a common symptom and often a warning 

sign of cardiovascular issues, it's important to note that 

symptoms like nausea, indigestion, heartburn, or stomach 
pain can also sometimes be associated with heart problems, 

particularly in women. It's always crucial to pay attention to 

any unusual symptoms and consult a healthcare professional 

if one has concerns about heart health. 

 

Additionally, employing machine learning techniques 

can assist in diagnosing and predicting heart disease based 

on the relevant features in the dataset and patient 

information. Using a correlation matrix can help identify 

relationships between different variables related to heart 

disease, while histograms can provide insights of 
distribution of these variables within the dataset. The dataset 

comprises of several factors, such as, age, sex, cp, trestbps, 

Chol, fbs, and others. Libraries such as NumPy, pandas, 

matplotlib and scikit-learn were used.  

 

Machine learning classifiers such as K Neighbors 

Classifier, Random Forest Classifier, Logistic Regression, 

and Decision Tree Classifier can be applied to predict heart 

disease based on input features. These algorithms can learn 

from historical data to classify new instances into different 
categories, such as presence or absence of heart disease. 

Hybrid methods, involve combining multiple algorithms or 

techniques to improve the accuracy and robustness of the 

predictive models. This could include integrating logistic 

regression, K-nearest neighbor, and neural networks to 

develop more comprehensive heart disease diagnostic 

algorithms. It's an exciting and important area of research 

and application, as artificial intelligence and machine 

learning can potentially enhance medical diagnosis and 

treatment by leveraging large datasets and advanced 

algorithms to extract meaningful insights. 
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IV. METHODOLOGY 

 

Developing heart disease detection using AL involves 

a systematic methodology to ensure the model's 

effectiveness, reliability, and ethical considerations. Here's a 

step-by-step methodology: 

 
A. Objectives 

Critically evaluate the methods used to acquire and 

pre-process the heart disease data. Assess the quality of the 

data sources, including their reliability, completeness, and 

representativeness. 

 

Evaluating the effectiveness of feature selection 

methods in identifying informative features and reducing 

dimensionality while preserving predictive power. 

 

Critically assessing the reliability and generalization 

capability of the models. 
 

B. Data Collection and Exploration:  

Gather relevant datasets containing features related to 

heart disease, such as demographic information, medical 

history, and diagnostic test results. Explore the data to 

understand its characteristics, identify potential biases or 

missing values, and gain insights into feature distributions 

and relationships. 

 

C. Data Pre-processing: 

 Handle missing numbers, outliers, and inconsistent data 
to make the data cleaner. 

 Encode categorical variables and perform feature scaling 

or normalization as necessary. 

 Split the data into training, validation, and testing sets to 

facilitate model training and evaluation. 

 

D. Feature Selection and Engineering: 

 Select informative features that are likely to be 

predictive of heart disease based on domain knowledge 

and data exploration. 

 Engineer new features or transformations to enhance the 

predictive power of the model. 
 

E. Model Selection: 

 Choose appropriate ML algorithms for heart disease 

detection based on the nature of the problem, data 

characteristics, and computational resources. 

 Consider a variety of algorithms, such as logistic 

regression, decision trees, random forest, support vector 

machines, neural networks, or ensemble methods. 

 

F. Model Training and Evaluation: 

 Train the selected ML models using the training data and 
validate their performance using the validation set. 

 Evaluate the models using appropriate evaluation 

metrics, such as accuracy, precision, recall, F1-score, 

area under the ROC curve, or confusion matrix. 

 Perform cross-validation to assess the models' 

generalization performance and robustness. 

 

 

G. Model Interpretation and Validation: 

 Interpret the trained models to understand their decision-

making process and identify important features for heart 

disease detection. 

 Validate the models with domain experts to ensure their 

clinical relevance and interpretability. 

 

V. PROPOSED SYSTEM 

 

A. Description of Suitable Libraries: 

Python's popularity in the programming community is 

well-deserved, especially in the realm of data science and 

machine learning. Let's delve into the purposes of the 

libraries you mentioned: 

 

 Numpy:  

This library is fundamental for numerical computing in 

Python. Large, multi-dimensional arrays and matrices are 

supported, and a number of mathematical operations are 
available for effective manipulation of these arrays. The 

foundation of many other libraries in the ecosystem of 

scientific computing is NumPy. 

 

 Pandas:  

Pandas is a powerful data manipulation and analysis 

library. It provides data structures like Data Frame and 

Series that make it easy to work with structured data, 

perform data cleaning, manipulation, and analysis tasks. 

pandas is particularly useful for handling tabular data, such 

as CSV files or SQL database tables. 
 

 Scikit-Learn:  

Scikit-learn is one of the most popular machine 

learning libraries in Python. It offers a wide range of 

supervised and unsupervised learning algorithms, along with 

tools for model selection, evaluation, and pre-processing. 

scikit-learn's user-friendly interface makes it accessible for 

both beginners and experts in machine learning. 

 

 Matplotlib: 

Matplotlib is a plotting library for creating static, 

interactive, and animated visualizations in Python. It 
provides a MATLAB-like interface for creating plots and 

charts, making it easy to generate a wide variety of graphical 

representations of data. matplotlib is often used in 

combination with NumPy and pandas for visualizing data 

and analysis results. 

 

 Seaborn: 

For Python statistical graphics plotting, Seaborn is an 

incredible visualization library. In order to enhance the 

visual appeal of statistical graphs, it offers lovely default 

styles and color schemes. The data structures from Pandas 
are strongly interwoven with the matplotlib library upon 

which it is developed.  

 

These libraries, when combined, form a powerful 

toolkit for data scientists and machine learning practitioners, 

enabling them to efficiently explore, manipulate, analyse, 

and model data, as well as visualize their findings. Their 

versatility and extensive documentation make them 
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indispensable assets in the field of data science and artificial 

intelligence. 

 

B. Description of Suitable ML Algorithms: 

Using Machine Learning algorithms like Random 

Forest, k-Nearest Neighbors, Decision tree Classifier, 

utilized to classify heart disease risk. Correlation matrix 
analysis helps identify the relationships between different 

variables and heart disease indicators. 

 

 Decision Tree: 

Decision tree algorithms are employed in heart disease 

detection to create predictive models based on splitting data 

into hierarchical decision nodes. Decision trees are intuitive 

models that recursively split the data based on features, 

aiming to create homogeneous subsets that are more 

predictive of the target variable—in this case, the presence 

or absence of heart disease. 

 

 

 

 

 K-Nearest Neighbor: 

KNN (k-Nearest Neighbors) is utilized in heart disease 

detection by classifying patients based on the majority class 

of their nearest neighbors. It is a non-parametric, lazy 

learning algorithm that classifies data points based on the 

majority class among their nearest neighbors. 

 
 Logistic Regression: 

Logistic regression is a type of regression analysis used 

for predicting the probability of a binary outcome (such as 

the presence or absence of heart disease) based on one or 

more predictor variables. It is employed in heart disease 

detection to model the probability of patients having heart 

disease based on their characteristics. 

 

 Random Forest: 

The random forest algorithm is utilized in heart disease 

detection to build an ensemble of decision trees, where each 

tree is trained on a random subset of the data and votes on 
the final classification, providing robustness and accuracy in 

prediction. It's often used for classification tasks, including 

heart disease detection. 

 

 
Fig. 2.  Random Forest Algorithm. 

 

VI. DATA DESCRIPTION 

 

The following URL contains the dataset used to 

identify and analyse heart diseases: 

 https://archive.ics.uci.edu/ml/datasets/heart+disease 

 

Age, sex, cp, trestbps, chol, fbs, restecg, thalach, 

exang, oldpeak, slope, ca, thal, and num are among the 

variables that are employed. In this project, a total of 14 

factors that can improve the accuracy of heart disease 

detection are taken into consideration. This dataset contains 
14 columns of sample data from 302 patients. For the 

purpose of detecting heart disease, every trait is equally 

important. The data is split between 70% and 30% of the 

303 samples. A total of 212 samples i.e., 70% of the data, 

are used to train the model. The remaining 91 samples i.e., 

30% of the data, are used to test the model. 

 

One crucial step in the pre-processing of data is 

dividing the dataset into train and test sets. This allows us to 

enhance the predictability of our model and increase its 

performance. It is possible to think of it this way: if we use a 

training set to train our model and an entirely different test 

dataset to test it on, our model will be unable to recognize 

the correlations between the features.Consequently, the 

model's performance will suffer if we use two different 

datasets for training and testing. Therefore, it is crucial to 

divide a dataset into a train set and a test set. This makes it 

simple for us to assess how well our model is performing. 
For example, if the model performs well on training data but 

poorly on the test dataset, it's possible that the model is 

overfitted.  

 

The train_test_split function from scikit-learn can be 

used to split the dataset. 
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 Training Data:  

The first set of data used to build a machine learning 

model—from which the model builds and improves its 

rules—is referred to as training data. The quality of this data 

has a significant impact on how the model is developed 

going forward, establishing a strong standard for all 

applications that use the same training set in the future. 
 

 Testing Data:  

The model needs to be tested using the test dataset 

after it has been trained using the training dataset. Using the 

new or unknown dataset, this dataset assesses the model's 

performance and guarantees that it can generalize 

successfully. A different subset of the original data that is 

unrelated to the training dataset is the test dataset. 

 

As is customary, the patient's age is recorded in years, 

their sex is recorded as 0/1, with 1 being a male patient and 

0 representing a female patient. The type of chest pain (CP) 
is recorded as 1, 2, 3, and 4. One for typical angina pain, two 

for atypical angina, three for non-anginal pain, and four for 

asymtomatic. Upon admission to the hospital, the patient's 

resting blood pressure (trestbps) is measured in millimeter-

Hg. Chol is measured in  milligrams per deciliter of serum 

cholesterol. The fasting blood sugar, or fbs, is entered as 0/1 

and should be greater than 120 mg/dl. 1 denotes true and 0 

falsehood. Resting electrocardiogram (resting ECG) findings 

are entered as 0/1/2, where 0 indicates normal, 1 indicates 

ST-T wave abnormalities (T wave inversions and/or ST 

elevation or depression of > 0.05 mV), and 2 indicates 
probable or definitive left ventricular hypertrophy according 

to Estes' criteria. The highest heart rate attained is thalach. 

Exang is the angina exercise that accepts input values of 0/1. 

0 means no and 1 means yes. Oldpeak, as opposed to rest, is 

the ST depression brought on by exertion. 

 

Slope, which accepts 1/2/3 as input, is the slope of the peak 

exercise ST segment. Three for downsloping, two for flat, 

and one for upsloping. Approximately for the number of 

large vessels (0–3), colored by flourosopy. The thalasemia 

indicator, or thal, has three values: 3 for normal, 6 for fixed 

defects, and 7 for reversible defects. The diagnosis of 
cardiac illness, num or target, accepts an input of 0/1. A 

diameter narrowing of 0 means less than 50%, whereas a 

narrowing of 1 means more than 50%. 

 

VII. CONCLUSION 

 

The discussion revolves around utilizing Python for 

heart disease prediction and detection. Python is highlighted 

as an object-oriented, high-level programming language 

with quick development cycles and robust building options. 

This language is deemed beneficial for accurately predicting 
the pathway of heart disease due to its attributes. The 

healthcare industry, particularly the heart care sector, is 

emphasized as actively generating data from various 

facilities and patients, leveraging effective data strategies. 

Additionally, doctors are depicted as utilizing superior 

predictive models for treatments, thereby enhancing the 

overall healthcare delivery system. The prediction model for 

heart disease is specifically mentioned as being employed by 

clinicians and institutions to improve patient outcomes 

through scalable and dynamic applications. Chapter two 

further delves into the application of Python for detecting 

the presence of heart diseases, utilizing a dataset containing 

patient data such as age, sex, cholesterol levels (Chol), and 

other relevant factors. 

 
Individual libraries such as Matplotlib, NumPy, 

Pandas, warnings, and others are imported for use in the 

heart disease detection application. Python, being a robust 

language, is noted for its computational capabilities, 

facilitating the extraction of valuable insights from patient 

information related to heart diseases. Additionally, it is 

emphasized that Python complies with HIPAA regulations, 

ensuring the safety of medical information. Machine 

learning is underscored as crucial for predicting threats like 

heart disease. Specifically, the Random Forest algorithm is 

chosen for developing the heart disease detection 

methodology. Furthermore, it's mentioned that the ML 
model, particularly Random Forest classification, plays a 

significant role in achieving accuracy and determining 

results using training data. The selection of Random Forest 

is based on the specific dataset, as well as its comparison 

with the decision tree algorithm. Data analysis is 

highlighted, particularly the handling of categorical 

variables by breaking them into dummy columns with 

binary values (1s and 0s). The output of the application 

includes medical parameters such as age, gender, blood 

pressure, cholesterol, and obesity, which are used for 

prediction and software development requirements. Machine 
learning application using Python is described as a subset of 

the Artificial Intelligence model, with Python libraries being 

essential for making predictions. The Scikit-learn 

(SKLEARN) library is specifically mentioned as commonly 

used in machine learning prediction tasks. Random Forest is 

identified as the preferred algorithm for predicting heart 

disease due to its simplicity and ability to produce precise 

results. 
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